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Abstract

The multiple sensor tracking provides better performance than single sensor tracking,
because it has wide ranged visibility and uses the more reliable information by fusing
multiple sensor data. But it is necessary to compensate a spatial bias which is made by the
structure of spatially distributed sensors.

In this paper, we analysed the spatial bias theoretically and examined the amplitude of
bias according to bearing and range. The amplitude of bias is largest at the broadside
direction, and the closer target range 1is, the larger the amplitude of bias is. We also
proposed the sequential association and fusion technique in order to compensate the spatial
bias, in which the range of target track is used to the range information for compensation.
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